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Abstract: In response to the need of the intelligent construction of the long-distance oil and gas pipeline in the future,
combining with the supervisory control and data acquisition (SCADA) system and operating parameters of the oil and gas
pipeline, comparing with the characteristics of traditional theoretical methods and big data mining methods, the direction
of big data to promote intelligent pipeline and three steps of digital informatization, theorization, and intelligence of the
pipeline intelligence research were proposed. The pipeline intelligent architecture was established, which included a
physical layer, a data layer, a data mining layer, an application layer, and a user layer. The data mining layer was the core
of the architecture. The statistical analysis, time series prediction and working condition identification and other applica-
tion cases showed that the use of the big data mining could effectively solve the actual production business needs and
guide the future pipeline intelligent research and construction.
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